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Figure 1 Language modeling performance improves smoothly as we increase the model size, datasetset
size, and amount of compute® used for training. For optimal performance all three factors must be scaled
up in tandem. Empirical performance has a power-law relationship with each individual factor when not
bottlenecked by the other two.

Source:Language Models are Few-Shot Learners, https://arxiv.org/pdf/2005.14165.pdf, 2020
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