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Results by Preferred Networks.
Data: CityScape Dataset https://www.cityscapes-dataset.com/citation/
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PaintsChainer (#PaintsChainer)
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Chainer: 2015/6/9 Release

A Powerful, Flexible, and Intuitive Framework of Neural Networks

Chainer
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To process this huge amount of data, we need to apply parallel computing
to deep learning
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Performance Comparison in Scalability of Deep Learning Frameworks

Training Time for ImageNet Classification
(ResNet-50, 100 Epochs, 128 GPUs)

Chainer :[> Available early 2017
et [EES

TensorFlow
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Scaling Result for CNTK, MXNet, TensorFlow and Chainer

Training Throughput for ImageNet Classification
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